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Development situation analysis of remote sensing extraction of crop plant-
ing structure based on bibliometrics
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Abstract: It is of great significance to acquire crop planting structure timely for food security and sustainable agricul-
tural development. The research status and focuses in the field in recent 20 years were explored by bibliometric analysis to
learn about the research frontier and progress on crop planting structure mapping by remote sensing extraction. Literatures with
a number of 867 in the field of crop planting structure mapping by remote sensing extraction in the core collection of Web of
Science and CNKI from 2000 to 2022 were analyzed. Visualized analysis was made by Vosviewer software and Bibliometrix
program package, from the perspectives of published articles number, countries of publication, domestic institutions of publi-
cation, journals of publication, keywords co-occurrence and keywords timing sequence. The total publication number in re-

search field of crop planting structure mapping by remote

IS H HE - 2022-10-26 sensing extraction had increased exponentially. China was
HETE . A RHE T K% T (202003206020002 ) ; A I 2 the country with the largest number of articles published in
FasE B A B H (rc522013) English, which was 197. Besides, China was the country
YEZ A AL (1998-) , 58 MU I SA M A Bl - BF 92 26 BF SR 7 1) with the greatest contribution to international cooperation.
FAMrE B, (E-mail) zhangdw129@ qq.com The institutions with large number of articles published in

BIVEE .2 5, (E-mail) wulei@ ahau.edu.cn Chinese were Chinese Academy of Sciences and Chinese A-
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cademy of Agricultural Sciences, with articles number of 89 and 38, respectively. The articles mainly focused on selection of

remote sensing images, extraction methods and features. It was found through analysis on time sequence changes of hot key-

words that, the hot data of current and future researches were multi-source data fusion based on time series, the hot classifica-

tion method was mainly led by the object-oriented mapping in combination with random forest and convolutional neural net-

works, and the hot feature indexes were still dominated by the normalized difference vegetation index ( NDVI) combined with

other features to select the optimal combination of the features. In conclusion, the research on the crop planting structure map-

ping by remote sensing extraction will focus on extraction with low-cost, high-efficiency and high-precision.

Key words

PN SRt 22T K SR BE, AR 2R P R 22
& IR A SR B OCE MR,
PRAED RS F R A M A 72 15 Bl %5 - R T i 2R
I, HF2AHE 3 D NE . ——IEYH
FIAE SR ZS [B] 4341 5 SR PR 1 BRE ; — =AY
(RMAEAS AR AR AE P E R R S
e K ELDGH AR B A W) R AR 25 1 AT R A
VR AR = T A R R R 3 A S
MR SR AEEEA, 2 B B SR M it o TPA A
HRERE T AR ™ A P42 25 DR SR ) B AR, X g
SR XA T ) AR AR B IR T R AR R
& R TR R R A B T

DIAANEY) A AS F (5 BB J7 1% A 45 A
GEiH A AR I, v AR A b 4 Al B A Y L
I RK RS B G A et A E e 0
PESR A S B ER g Bz A EME B
R, HLE A ik 2 rp s SR & 19 N W g, ok I
BF AR 2B R R 45 4 (5 8 IR AR
HA I RerEss M IE T AR 0 B =
)15 D HAR 1Y % e 0 TR R A% It ) A W S0, L
A A () O3 AR N (] o B A i i R )2
I T ARAE ) R R 235 4 228 SRR I 40l , Sy R AE ) b
RARGE T Rl MEfE R

CL A L3R X AR A A 45 1) 18 R BB A 5
JRIEAT TR ARF RSOk 2 RV E )
TR 45 g e SR M ST A 7 4 T 2R 0 S 205 1) B A 4T
iH, AR H SCHR T 27 7%, P Web of Science
A% UF5 B R v T 60 1) ( CNKT) S 50408 U8, L Vos-
viewer #F1 R 15 5 27 4 Bibliometrix % K EY)
VR 45 ¥4 228 B B2 HRUSRU BT 20 41 19 & SC i e SCIE
% R ISCHUE BOCT) SCHHRIIEA T b, RGTHL
B T AN Tl b 45 ) 228 e I I 1Y 5 JRe 253 B AR
SN X B B 808 T K 7 125 () R 1 0L T 3
RIHAT RSG5

crop; planting structure; remote sensing; bibliometrics; Vosviewer

1 Bl IR S5 057 %

TWFFE ) SCRREE R TR T Web of Science %03
P A A BRSO R BN g 1 PR 4R
W R RS R G  W SO TR B, Bl bR 21
WA FVE B ERGE BRSO TR A SRR
PESCEE SR JE R SCHR T T a2 v [ N AR Ak
A0 0 25 ) 328 J% I AT 38 %) SC RS 1 A7 407
SCHRTT 2R — B R R BT I 25 A M U
AR THE B2 DO £ SRk s B i s
BT A ME R AR B, 00 S AF 5% A Ok 1) % e
BB RS FHERIH Vosviewer A R 185 1%
J¥ 61 Bibliometrix , X} ki 28 21 (1) SCRR AT SC AR |
R SCEIZERE N RSO | 38R R RN 2
5 R BRI TR AL ST
2 SCHRILR AT
2.1 XEEES%

S SRR N — AR G v AR 1 A
fiE, AT E— B R b I W AU I & e s 2, XA
Wit el w7 ARG R R, 4H T
2000 4F 1 H 1 HE 2022 45 A 31 HAH ISR
HE(E 1), 530 Kk S0 465 i, W SC R R SCaE:
402 Fii o ARVEYFhAE 45 44 1 JE A B I 5 B AR 4y Ky
WIARB P & 2 BB, HiH, 2000-2010
SRR S T R A R R B B, AR R Ui R
3.77 Fa W FE AR 4520 5 2011 - 2022 4F R i 58 40
SR R R B B, AT & SCEE R 2011 AFE Y 20 G 3
K2 2021 4E0 139§, 8k SCE N 32,67 L 2
AT —Br By 8. 67 i, PR ] B8 2 bifi 75 28 J 4 R
PRV ERGH R | B ARSI B g Bsf ] | 253 ] 43 B AT &2
T B P SRS | HE 30 T A VR W A 285 44 3 J%
PEHUIFZE 09 & . 20002014 4F 8 S SCkAR & SC
T K 52019 41 28 A U Y S STk & SR



1028 e

2023 4F 45 39 & 4

BRIV, v T SCOCHR & SCRE . MIET 1R R3S
Stk SO AT LU AR Rl 45 1) 2 e U 5
F1 XHETANRLER
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Fig.1 Trend of publication number of Chinese and English literatures
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Table 3 Distribution of top ten domestic and foreign journals ranked by paper number on remote sensing extraction of crop planting struc-
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Fig.3 Keyword density view of Chinese and English literatures
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Fig.4 Time series changes of hot keywords in research on remote sensing extraction of crop planting structures
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Table 4 Hotspot data source information used in remote sensing extraction of crop planting structure
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