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Abstract .

In order to improve the industrial competitiveness and efficiency of Bingtang sweet orange, grading is an

important process before sale. In view of the traditional surface defect classification method of Bingtang sweet orange, there

are some problems that the feature extraction is complicated and disturbed by human factors. In this study, an intelligent

grading system for Bingtang sweet orange surface defect classification was designed based on convolutional neural networks

(CNN) algorithm and virtual instrument technology. In addition, the Bingtang sweet orange grading system was designed

and developed based on LabVIEW 2018. Through experimental verification, the recognition rate of the system reaches

96. 67% , which proves the feasibility and effectiveness of the classification method and system.
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