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Design and implementation of pork freshness grading based on Caffe
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Abstract .

In order to improve the real-time detection of pork freshness, a new method of pork freshness classifica-

tion was proposed based on Caffe framework and ResNet residual neural network. According to the results of pork physical
and chemical experiments, the freshness of pork was divided into seven grades, and the corresponding pork photos were
taken as samples for network training. After the network training, the classification accuracy of the system was validated by
homologous and heterogeneous samples, respectively. The results showed that the classification accuracy of the system
reached more than 95% , indicating that the system could classify the freshness of pork very well. Compared with the tradi-

tional physical and chemical methods, this method is simple, real-time and non-destructive, and it is a more efficient meth-

od for pork freshness classification.
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