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Research progress on crop yield and yield gap estimation based on remote
sensing

LU Bi-hui, QIU Lin, LI Wei-guo, WANG Zhi-ming, TIAN Miao, WANG Jing, SHAN Jie
(Institute of Agricultural Information, Jiangsu Academy of Agricultural Sciences, Nanjing 210014, China)

Abstract: The study of crop yield gap is very important for understanding the current productivity status and impro-
ving crop yield. In regional application, previous yield gap research methods such as field experiment, statistical analysis
and crop growth model simulation analysis, are aften limited by factors such as spatial heterogeneous environment and insuf-
ficient field management information. This paper focused on the current research progress of using remote sensing technology
and remote sensing combined with crop model to estimate crop yield and yield gap, and introduced the method of using re-
mote sensing technology to analyze the factors causing yield gap. Finally, some problems existing in the current research and
future research directions were discussed and prospected.
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